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Machine Learning based Open Source Software Category
Classification Model
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Abstract

In many respects, the use and importance of open source software in companies and individuals are
increasing as the days pass. However, software evaluation for users, software classification of filtering
fundamentals research can not deal flexibly according to the characteristics of open source software. They
are using a fixed classification system. In this research, we provide a classification model of open source
software that can flexibly deal with the classification of open source software and the software category
of new open source software.
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TF,; = number of occurrences of i in j
DF; = number of documents containing i

N = total number of documents
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Table 1. Number of SourceForge Projects and

Categories
Category # of OSS
Accounting 175
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Boot 176
File Transfer Protocol(FIP) 137
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Side Scrolling Arcade Games 170
Testing 222
® 12 & A7E flel I Jhe e et
SEL2 SW ZRAES] J|F5 HolFr)
A8 A a9 29k 2ol 3elM dwdi

shar, shutel she|ae o so}% wE
g shutel BAZ BRAUL. QQ) 2nm
A dotol 0 H8olE zﬂﬂaz 2 714

me)E skt BAZL S B4 el A TR
Feha vhe shelmels s DF % A
stel TF-IDF g2 Alssich

= A
E9 ¢, cpp, java, h Y 59 & H|&E3 F=
El=
i A
A=

1

4.2 7| 12| & TF-IDF 2|AE

o — ——1 =
P N S

1. Source Code Extraction

Souce Code
Souce Code

(1) Extract one or more source
code and Symbol(variable,
function, annotation)

(2) Remnove Stop word

(3) Remove Reserved word

One OS5 Project
il
* Include one or more source codes

2. TF-IDF Calculation
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Table 2. Word frequency analysis by SourceForge cartegories

. Board Info. .
&9 Accounting BBS Coes Boot FTP Anal)?sis SSAG Testing
1  document execute game refind sitecommands term sprite fff(duplicate)
2 license bbcode player file package idf posx hello
3 software required version status skip stemmed posy genus
4 calendar matches diether license ftpclientconnection getidf massive parameter
5  company templates license paypal deprecated cristina brick tree
6  foundation permission card copyright authentication carlo item cairo
7 copyright pagination file rodsbooks connection carlos middle relating
8 email property program conf ftpslaveconnection fabio passive time
9 Dbookkeeping  configuration gtk partition ftpclientcommand camacho  underground summary
10 voucher assertfalse chess manager slaveserver petrillo tolua_s person
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Table 3. Number of projects and files Table 4. Comparison of recognition rates by model
Category ZZAE F g F C Cosine
ategor PR K-NN
Accounting 171 27,436 gory Similarity
BBS 201 35,447 Accounting 70% 90%
Board Games 134 7,853 BBS 50% 80%
Boot 172 9273 Board Games 100% 100%
FTP 133 6,570 Boot 40% 60%
Info. Analysis 209 23,032 FIP 80% 907%
SSAG 166 10,791 Info.Analysis 70% 80%
Testing 218 48533 SSAG 90% 100%
A 1,404 168,935 Testing 60% 70%
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